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import csv
def calculate _average grades(input_file,output file):
student_grades={ }#H 5 HLLRAT 22 A2 1tk 44 R R 55
with open(input_file,'r',newline=")as csvfile:
reader=csv.reader(csvfile)
next(reader)# kL T4k
for row in reader:

name=row|[0]

grades=[int(grade)for grade in row[ 1:]J#5F Ik G % A FEHL

average grade=sum(grades)/len(grades)#it 51 .50

student grades[name]=average grade

HRE 2R QA4 AT 2 IS IR AF 2B K CSV S
with open(output _file,'w',newline=")as csvfile:
writer=csv.writer(csvfile)
writer.writerow(['Name',' Average Grade'|)#5 N\ 43k
for name,average grade in student grades.items():

writer.writerow([name,average grade])

A FH oA Bt AT S b 22

calculate_average grades('students.csv','average grades.csv')
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FAARSE RS0 P et AT 00, A FR00 45 SR AR A7 2 — A8 ) CSV 3 (il
predictions.csv) .
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import csv

from sklearn.linear model import LinearRegression

def train _and predict(input file,test file,output file):

HE IO 2R 50

X train=[]

y_train=[]

with open(input_file,'r',newline=")as csvfile:

reader=csv.reader(csvfile)

next(reader)#k i SC 43k

for row in reader:

features=[float(feature)for feature in row[:- 1[4 E #5H NIF 2L

target=float(row[-1])## J5 — 5l & H il

X _train.append(features)

y_train.append(target)

HIN RGN [l A5 7Y

model=LinearRegression()

model.fit(X_train,y train)

#AE I 23t BSR4 T T

X test=[]

with open(test_file,'r',newline=")as csvfile:

reader=csv.reader(csvfile)

next(reader)# kit T4k

for row in reader:

features=[ float(feature)for feature in row]

X _test.append(features)

predictions=model.predict(X test)

HEREFI 25 SR ORAF 2B YD CSV SR



with open(output_file,'w',newline=")as csvfile:
writer=csv.writer(csvfile)
writer.writerow(['Prediction' )#5 A\ 343k
for prediction in predictions:
writer.writerow([prediction])

#R T B8 B0 AT T I AN T

train_and predict('train_data.csv','test data.csv','predictions.csv')
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D SRR AL AR B ) L SEARAS, O B R PP B O IR EAT T . 285, A ANE
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import csv

from sklearn.metrics import accuracy_score,precision_score,recall_score

def evaluate model(input_file,model):

X test=[]

y_true=[]

with open(input_file,'r',newline=")as csvfile:

reader=csv.reader(csvfile)

next(reader)#k it T4k

for row in reader:

features=[float(feature)for feature in row[:- 1] 45 1E 55 B 7 A%k

target=int(row[-1])##x J5 — ¥ 72 HSLARZE

X test.append(features)

y_true.append(target)

y_pred=model.predict(X _test)

#UF SR A PP HE b

accuracy=accuracy_score(y_true,y pred)



precision=precision_score(y_true,y pred)

recall=recall score(y true,y pred)

#h Y PEAit 45 R

print("Accuracy:",accuracy)

print("Precision:",precision)

print("Recall:",recall)

#EBE A — NIRRT model, B H21H FH MR B0 T A R P4k

evaluate model('test data.csv',model)
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